


Data-driven business 

transformation 

initiatives require 

specific digital 

transformation skills 

that are hard to find

The needs for these 

skill sets evolve 

throughout the course 

of the project 

implementation and 

may not be necessary 

at every stage

In most cases, up to 

80% of a data analytics 

project is going to be 

about consolidating and 

preparing the data

Leveraging external 

resources is often 

the fastest, most 

cost-effective, and 

lower risk way to go

How these resources 

are managed and 

integrated, short or long 

term in your existing 

team, is also an 

essential element
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In this eBook, we share insights on how to

enable, accelerate and eventually manage

your data initiatives successfully by leveraging 

specialized outside resources, such as Neal 

Analytics expert consultants, to kick-start, 

complement, or augment an internal team.

In 2011 Neal Analytics developed a leading 

innovative analytics delivery approach backed by 

its highly skilled experts, that successfully helps 

companies in various industries convert data and 

servers into visible and usable business results. 

Neal Analytics calls this Flagship resource the 

Managed Capacity model. It enables Neal 

Analytics to meet its customers’ needs with 

greater speed and efficiency.

But, before diving into the specifics of the 

consulting engagement models (the “how”), 

let’s review the digital transformation steps (the 

“why”), and the roles and skill sets (the “who”).
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What are the steps in a digital transformation initiative?

Let’s go through each of these in more detail

1
Business 

Analysis

2
Data Estate 

Creation

3
Data-Driven 

Insights

4
Transformation

Typical digital transformation phases
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Business Analysis

A successful digital transformation 

starts from the business, not the 

technology. 

It is critical to identify where and 

how deep this transformation 

needs to happen before any 

discussion starts about which 

cloud platform to use, what data 

strategy to adopt, what regression 

model to leverage, and whether a 

traditional machine learning (ML) 

model or a deep learning (often 

associated with AI itself) one is 

more appropriate.

Then business needs will drive 

the technology choice. Not the 

other way around.

For instance, in a project 

in the healthcare industry, Neal 

Analytics’ business consultants 

worked with the customer’s 

executive team to identify more 

than forty potential business 

processes that could benefit from 

digital transformation. 

There are many types of business 

drivers behind selecting which 

initiative is the optimal target. 

Potential initiatives often fall in a 

continuum mapped across multiple 

criteria such as:

• Is the initiative for an existing or new 

business process? 

• Is it about reducing costs? Doing 

digitally what is now analog, such as 

replacing manual data entry with 

optical character recognition – aka 

OCR), or creating new revenues? 

• What level of risk and change is 

appropriate? 

• Is the team, group, or division that 

will help build, implement, and use 

the initiative outcome ready for 

change?

In the example above, using

Neal Analytics methodology, the 

customer selected three projects to 

implement initially out of the more 

than forty possible ones. 

1
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2

Data Estate Creation

Once the initiative goals and scope have been 

defined, the bulk of the work will be in acquiring, 

consolidating, refining, and cleaning the data. 

Often, customers overestimate data availability 

and cleanliness and underestimate the amount of 

work needed to build a reliable data platform upon 

which insights can be derived. 

This is why new integrated Customer Data Platforms, 

such as Microsoft’s Dynamics Customer Insight, are 

gaining in popularity, and why the bulk of data project 

work falls into the category of data engineering.

In our experience, the work data architects

and engineers need to perform before a data 

scientist can start building a solution to generate 

valuable insights typically represents 80% of the 

total project effort. 

Countless times, an initiative that began as a data 

visualization one based on existing data and a 

PowerBI dashboard turns out to require significant 

data engineering and data governance work, which 

itself requires knowing the business priorities. 

Often, data visualization initiatives end up exposing 

deeper data quality issues and data processing 

problems that end up creating an iterative data 

engineering cycle of re-work. 
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Data-Driven Insights

Once the data platform is 

operational, data scientists can 

start building analysis reports,

ML and AI models, and otherwise 

value-added insights to deliver 

business value.

At this stage, it’s essential to avoid 

falling into the buzzword trap.

A customer might think that a 

deep learning-based model (i.e., 

using neural networks, aka AI) is 

the appropriate one.

However, depending on the 

available data (most AI models 

require hundreds of thousands if 

not millions of labeled data points) 

and business problems, other, 

more straight forward models, can 

often be faster, cheaper to build, 

and more effective.

Frequently, simple statistical 

techniques (that also have the 

benefit of requiring less data) are 

all that is needed to realize a 

measurable business outcome,

as an organization builds towards

a more resource consuming AI 

solution.

To select the right approach and 

model, customers need to have 

access to a range of experts with 

complementary skills and 

experience.

It’s important to remember that, 

here as well, “for a hammer, 

everything looks like a nail.”

Only by having access to a team 

which understands when and 

where to use a technique can they 

select the right one.
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Transformation

Whether it’s automated, with 

results from these insights being 

directly fed through automation 

into business processes, or manual, 

with people using these insights to 

inform business decisions, this last 

step is an important decision for 

any company deciding to go 

through digital transformation.

Both the manual and automatic 

approaches can be used 

depending on the specific

use case.

For engaging with people, there 

are tools like Microsoft’s Power 

Platform that enables data 

visualization-based (Power BI), or 

line-of-business application-based 

(PowerApps), or virtual agent-

based (Power Virtual Agents).

Transformative insights can also 

be connected to an automated 

process such as (Power Automate) 

or included as the process 

proceeds through its system of 

record (e.g. with the Dynamics 365 

platform). For instance, a real-time 

market analysis can be connected 

directly into an ERP to adapt 

production schedules ahead of 

market changes.

In both the manual and automated 

scenarios, these insights can often 

be used to help select or refine the 

business processes to improve 

(step 1 on page 4) and to identify 

the missing, redundant, or 

insufficient data that would enable 

even better models.

The iterative nature of these 

problems and their solutions is 

why CI/CD (continuous 

improvement/continuous 

development) and iterative 

software development processes 

have become increasingly 

important. 

To most effectively execute this 

iterative process, you need a 

unique team and organizational 

methodology.
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What types of profiles are 

required for a typical 

data analytics project?

The level of complexity in data analytics from

a team, skills, and knowledge perspective vary 

per project, but as our experience shows, 

often leads to recurring patterns of needs.

Through our many engagements, we have 

been able to build a set of standard patterns 

of operational excellence to serve our 

customers best. One of these patterns is the 

type of roles necessary throughout a project, 

depending on its stage.
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Within the CI/CD process, a technical team typically 

goes through 6 stages in supporting the digital 

transformation journey.

Depending on the stage in the CI/CD process, the 

team’s composition needs to be adapted. The diagram 

on the next page describes when each team member 

will play a role at any given stage in the process.

Note: The team members on the next page are representational. 

Some projects may require only 50% of a data scientist’s time, 

while others may require a team of three or more.

To illustrate how the team composition will evolve,

let’s look at the business analyst role for example. 

The business analyst will carry the bulk of the work in 

the initial discovery phase. When the project moves on 

to the data pipeline management stage, their workload 

will decrease, while the project manager or data 

engineers will increase theirs. 

Similarly, data scientists will start to engage in the 

project when the data pipeline management step is 

already well underway but will ramp up to carry most

of the project load in the data modeling phase.

The 6 stages of a

Data Analytics Project
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Opportunity 

Discovery

Data Pipeline 

Management
Modelization

Reporting 

and Embedding
Operationalization

Evaluation, 

Decision & Action

1 2 3 4 5 6



Project lifecycle and resources aligned by stage 

Business Analyst

Cloud and Data Architect

Project Manager

Database Administrator

Data Engineer

Database Developer

Data Scientist

App Developer

IT Systems Admin

Platform Engineer

Customer business end-user Customer Subject Matter Expert/End user
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Roles & Responsibilities

in a Data Analytics 

Project

Let’s drill down a bit further into 

what those roles entail from a 

background and deliverables 

perspective.
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The project manager will drive the planning, forecast, and ultimate delivery of the project. 

They are familiar with Agile software development methodologies and usually have both 

a business and technical background. 

The project manager is the glue that will remain the driving force throughout the project 

as other team members ramp up and down.

Depending on the project complexity, a project manager typically manages no more than 

three to five projects in parallel. For large projects, the project manager can be occupied 

full time and may require the help of junior project managers.

Typically a business analyst will combine the understanding of business processes and 

goals and knowledge of the possible technical solutions at a functional level. 

This senior-level profile showcases a substantial business experience, most likely a 

recognized business degree such as an MBA or equivalent experience and is technology 

savvy.

They will drive the process form the ideation step, to the scenario selection, to the final 

data analysis and overall project reporting to the customer.

Architects define how the different pieces of software fit, work, and function together 

within the scope of a project. 

They typically have experience in software development and, likely, a recognized 

technology degree such as a degree in computer science.

What is the 

Business Analyst’s role?

What is the

Architect's role?

What is the 

Project Manager’s role?

Database administrators provide the backbone of database system functionality.

They ensure that the databases run smoothly, optimize and tune systems, and assist 

when issues occur and troubleshoot and bug-fix problems.

What is a Database 

Administrator’s role?
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A data scientist will transform data into insight. Using a portfolio of data analytics, 

machine learning, and other advanced AI techniques, the data scientist will build the 

knowledge engine that will power the transformation process.

Data engineers are developers focused on data movement and transformation tasks,

as well as the tools required to make these movements and transformations happen. 

Frequently, data engineers also engage in database specification, creating entity-

relationship models or other specifications to create databases. 

Data engineers typically have a background in data development, knowledge of SQL,

and a deep understanding of how data moves and interacts through different systems 

and processes.

Database developers are like data engineers, although they often have more specialized 

skill sets around a particular type of database development. Where data engineers are 

often generalists specializing in tools like Java, Python, Scala, or cloud-native tools, 

database developers frequently specialize in different specific database types, like Oracle, 

Microsoft SQL, or other.

Otherwise, these roles are similar, with a deep focus on data development, pipeline 

creation, and modeling databases relationally.

What is a 

Data Engineer’s role?

What is a Database 

Developer’s role?

What is a Data

Scientist’s role?

The application developer's role is to convert the insights coming from the data scientists 

into actions. By integrating these insights into dedicated or existing applications, whether 

these applications are part of an end-user workflow or whether they control a business 

process (e.g., an ERP).

In some situations, the app developer will build data visualization dashboards using 

Microsoft PowerBI or other tools that end-users will use to help make business decisions.

What is an Application 

Developer’s role?
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IT systems administrators are the generalists who keep an organization 

functioning. They typically have working knowledge of all the company’s 

systems and possess the skill set and tools to implement, and resolve issues. 

These resources are often tasked with “keeping the lights on” with cloud 

management, security, office, email management, or other server-side admin 

functions. 

They typically have learned PowerShell or Linux and at least one other scripting 

language.

What is an IT System 

Administrator’s role?

Platform engineers are IT systems administrators who’ve expanded their 

systems knowledge into the cloud. 

In addition to the skills described in the IT systems administrator job 

description, platform engineers bring knowledge of how to scale up their 

automation to multi-machine level, using tools and platforms like Azure, AWS, 

Jenkins, Docker, VMWare, or others.

Their specialized knowledge of platform systems enables them to harness the 

power of whatever platform they are using for massively distributed computing.

What is a Platform 

Engineer’s role?
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A data analytics initiative requires a broad set of skills, one that 

evolves through the project, and with a team size that can vary quite 

significantly depending on the project.

The final piece to fit these components together is an organizational 

model to support the transformation goals associated with analytics. 

Some organizations wish to create internal centers of excellence, 

others want to only engage in fixed-term projects, while others want 

to outsource the capabilities completely.

To help execute the complex needs of data-driven initiatives, Neal 

Analytics offers a portfolio of engagement models. Each of these 

engagement models has its own unique set of variables and benefits 

that allow Neal Analytics to fit its services best into its customer 

environments. These models will adapt to any customer’s needs and 

business philosophy. They can also be mixed and matched depending 

on where a customer is on their data journey.

For more mature customers scaling an existing team through staff 

augmentation is often the quickest way to engage. 

For customers who do not want to engage directly with or manage 

resources within this software development lifecycle, project-based 

work is often the best fit. 

For customers who wish to outsource or want a capable team able

to quickly and seamlessly plug into a broad analytics initiative,

a managed capacity approach is often best.

How to organize 
the perfect team 
for a data 
analytics project?
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Neal Analytics offers the traditional staff augmentation 

model. Our expert consultants can seamlessly integrate 

into existing teams to complement or augment their skill 

set on a temporary or permanent basis.

For instance, a company with a need for data science

help to complement its existing team during a temporary 

heavy workload, can add one or more data scientists to its 

team for a few months until it can go back to its business-

as-usual mode.

With teams present both in the United States in our 

Bellevue, WA headquarters, and in our Pune, India office, 

Neal Analytics can offer a range of staff augmentation 

options: onsite, offsite, or a blend of both.

This engagement model tends to work best with mature 

customers who have a defined organizational model into 

which Neal Analytics adds complementary resources, and

well-defined business analyst initiatives where its 

resources will add value.

1. Staff Augmentation 

(aka role-based staffing)
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Neal Analytics also offers project-based work. 

Defined through a statement of work (SOW), which 

encapsulates deliverables and timelines, a team 

expertly staffed for a project, will then be 

responsible for the project’s delivery.

Project-based work is often part of a functional 

portfolio management initiative for a customer’s 

digital transformation efforts. Customers interested 

in building their team, but unsure of how to start, 

choose this option so they can see an already 

functional team in action. 

Unfortunately, the disadvantage is that it’s the 

costliest one on a per-resource basis. The upside

is that the vendor signs up to fixed deliverables

over an estimate. 

In our experience, as customers mature, they usually 

opt for staff augmentation or managed capacity as a 

follow-up to initial project-based work.

2. Project-Based



3. Managed Capacity

Neal Analytics also offers its Managed Capacity 

model. It provides customers access to the optimal 

mix of skillsets throughout the engagement duration.

It quickly allows the continuous and iterative 

definition of customers’ priorities, the creation of a 

regularly updated living document that describes 

work in progress and targets for a given initiative,

and allows scaling as the project evolves.

This model brings the best of both the traditional 

staffing and project approaches into a predictable, 

reliable, flexible, and scalable framework.

This model also leverages a modern engineering 

approach and a flexible team composition. It is often 

the preferred engagement model for large or 

complex projects.
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The ABC of Managed Capacity Engagements:

These managed capacity engagements can be designed to be permanent, ongoing, outsourced 

arrangements where the Neal Analytics team will operate a data-driven business process on behalf 

of the customer.

An Agile software engineering 

approach using two-weeks sprints 

to deliver predictable results

Blended engagement teams which 

composition adapts to the project needs

A fixed, but adaptable monthly retainerA

B

C
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Managed 

Capacity

A. Clear 

Engagement Model

Monthly retainer

Grows/decrease 

as needed

B. Adaptive

Team Composition

Size

Skill set mix

C. Modern

Engineering 

Approach

Agile methodology

Best-practice reuse



A. Monthly retainer

The client will either define an appropriate 

monthly project retainer based on scope 

and timeline constraints or, alternatively, 

calibrate its requirement (either timeline

and scope or both) to fit a pre-defined,

but adaptable, monthly retainer. 

By choosing this approach, the client 

will be able to keep its expenses predictable. 

If, for whatever reason, the project scope 

increases or decreases, customers will be 

able to adapt this retainer on a month to 

month basis.

Within this monthly retainer, Neal Analytics will put together

the optimal project team, based on the goals and project stage 

(as defined in steps 1 to 6 on page 10).

This model is very flexible as the client doesn't need to staff

full-time specialists. 

Depending on the stage and project, as low as 10% of a 

specialist’s time can be associated with a project at a given

time, and as many as necessary can be added. 

Managed capacity teams, depending on the project, can be

as small as three people equivalent to tens of specialists.

B. A project team with the optimal

skill set mix
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C. Modern Software Engineering – Agile Methodology and

Best Practice Reuse

Although it has been used broadly

for many years and often identified

as “modern software engineering”,

the common best practice, Agile 

methodology, fits well with the 

complex, ever-evolving goals, and 

speed of typical data analytics, AI or 

ML projects.

By focusing on short (typically two 

week) development “sprints,” it allows 

the managed capacity team to focus 

on the most critical and urgent tasks 

at hand across the six stages depicted 

on page 10. 
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Agile software

development 

cycle

4

TEST

1

PLAN

3

DEVELOP

2

DESIGN

5

EVALUATE

https://stackify.com/agile-methodology/


For each sprint, the customer and the 

Neal Analytics project team will align on 

the next sprint deliveries, whether they 

are new features, bug fixes, or code 

improvements, such as speed, size,

or reliability.

After each sprint, the team will revisit the 

deliverables post-mortem (Agile lingo), 

plan for future team composition 

modifications such as adding more 

specific resources or reducing others, and 

planning the next one (Backlog grooming 

or review). 

This ongoing cadence lets the Neal 

Analytics team plan for future work

and build out a practical roadmap with 

clients towards mutual success. 

As the project reaches completion,

an ongoing project retainer can ensure 

the project is maintained, improved, and 

adapted as data and business conditions 

change.

Throughout these engagements, the 

managed capacity team will operate 

using standard best-practice patterns, 

templates, processes, and solutions Neal 

Analytics has already implemented 

multiple times for other customers. 

This will help ensure both output quality 

and engagement efficiency.
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4. Managed Service

The managed service model is the classical

out-sourcing model. 

It enables a customer to outsource a full business 

process and rely on a supplier, such as Neal 

Analytics, to operate the process without the need 

to invest internal resources.

It can scale as needed and is often more cost 

effective for well-defined processes that are not 

core to the business.

23 | How to staff a Data Analytics team



5. Build-Operate-Transfer 
combination
These engagements can also be combined, as needed,

in a Build-Operate-Transfer model.

With this mixed model, the Neal Analytics team will 

morph its engagement based on the project’s stage

and customer needs.

First, a skilled Neal Analytics team will build the initial 

solution end-to-end (project or managed capacity).

Then, Neal Analytics will operate the solution during

its initial production stages (managed service).

Finally, the team that built and operated the solution will 

train the customer’s organization and transition the day-

to-day operations to its in-house team, supplying it with 

staffing resources as needed (staff augmentation), 

ensuring a smooth and seamless transition.
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Conclusion
Analytics projects are seldom as straight

forward as initially expected. Internally staffing

an appropriate team to support them can be 

challenging when no existing large-scale plan exists.

Depending on the goals, timeline, and budgetary 

and available skill set constraints, several options 

are possible.

Neal Analytics offers a flexible approach to these 

challenges, building on years of experience 

delivering projects from business analysis to data 

estate modernization, to analytics, machine 

learning, and AI.

Customers can purchase these engagements via 

Microsoft AppSource, or by contacting 

Neal Analytics at contactus@nealanalytics.com.

For those interested in learning more about managing 

data projects, here are a few relevant articles:

• MSDN Blog post from Buck Woody on the Team Data Science

process

• Work in the purview of a data scientist typically falls into one

of two categories, with most data science jobs leaning one way 

or the other, and this lifecycle is referred to as experimentation 

versus operationalization by Gartner

• We also suggest reading Gartner’s associated detailed article

and blog post

• There is an article from OpenView Partners a VC firm 

specialized in the SaaS market: Why Your Data Science Tool 

Hasn’t Made Machine Learning Easier (Yet)

• A webinar from the MIT and Cloudera on How to Scale 

Production Machine Learning in the Enterprise
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contactus@nealanalytics.com

www.nealanalytics.com

425.822.2332

11911 NE 1st St. Ste 206 Bellevue, WA 98005
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